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Abstract

Student success and retention is a primary goal of higher education institutions across
the world. The cost of student failure and dropout in higher education is multifaceted
including, amongst other things, the loss of revenue, prestige, and stakeholder trust for
both institutions and students. Interventions to address this are complex and varied.
While the dominant thrust has been to investigate academic and non-academic risk
factors thus applying a “risk” lens, equal attention should be given to exploring the
characteristics of successful students which expands the focus to include “requirements

for success”.

Based on a socio-critical model for understanding of student success and retention, the
University of South Africa (Unisa) initiated a pilot project to benchmark successful
students’ habits and behaviours using a tool employed in business settings, namely
Shadowmatch®.

The original focus was on finding a theoretically valid measured for habits and
behaviours to examine the critical aspect of student agency in the social critical model.
Although this was not the focus of the pilot, concerns regarding using a commercial tool
in an academic setting overshadowed the process. This paper provides insights into how
academic-business collaboration could allow an institution to be more dynamic and
flexible in supporting its student population.
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Introduction

Student success is of major concern to a number of stakeholders in higher education
including governments, policy makers, faculty, and students. An integral element in
many models on student success and retention is the impact of students’ habitus as a
framework of “lasting, transposable dispositions which, integrating past experiences,
functions at every moment as a matrix of perceptions, appreciations, and actions”
(Bourdieu in Berger, 2000, p. 99). Incorporating data on habits and behaviours into
student success models provides an additional lens which speaks to personal attributes,
and this in turn strengthens a student-centred approach.

The University of South Africa (Unisa) developed a comprehensive framework for
enhancing student success, based on a socio-critical understanding of student success
and retention (Subotzky & Prinsloo, 2011). Central to this understanding is the role of
students’ agency involving their habits and behaviours flowing from their habitus. The
student success framework relies on a suite of instruments, as well as systems data to
inform policy and practice. Very little information was, however, available on habits and
behaviours which form part of non-academic risk and success factors. The
Shadowmatch® pilot project was launched to provide this data by benchmarking
successful students’ habits and behaviours. This paper firstly examines the
epistemological ‘fit’ between the socio-critical model for understanding and predicting
student success and Shadowmatch®. We then continue mapping the pilot of
Shadowmatch® in a higher education environment and highlighting the complexities as
well as benefits of such a higher education-corporate collaboration.

The focus of this article are these complexities and benefits of a higher education-
corporate collaboration. The details of the Shadowmatch® report and evaluation are
addressed in an internal procurement report. This paper is a process article reflecting
on how the institution engaged with the pilot with regard to negotiating access and
permission for the pilot. The Shadowmatch® pilot implementation forms part of the
background and contextualisation for this discussion. The research therefore has the
potential to be transferred to any corporate-academic collaboration beyond the bounds
of benchmarking the habits and behaviours of successful students.

Problem Statement

If student success is considered to be complex and the result of mostly non-linear,
mutually constitutive factors and relations, it follows that it is time-consuming and
possibly costly to develop in-house tools to map aspects or specific relations within the
context of student success as a complex phenomenon. The aim of this paper is to
examine the complexities and benefits of piloting a commercial product in the higher
education environment as an alternative to an institution developing its own
instrument.



Specifically, this paper examines the piloting of Shadowmatch®, a tool used in the
corporate and commercial sector to determine the profiles of effective employees as a
basis for planning professional development to increase organisational effectiveness and
impact. The instrument was implemented and reporting adapted to profile successful
students in various higher education qualifications. This represented a shift to focusing
on requirements for success as opposed to merely identifying students at risk. The aim
was to use these profiles of success to increase students’ self-awareness and self-efficacy
in order to encourage behaviours that will significantly increase their chances of
success.

Literature Review

The literature review provides a brief overview of some of the theoretical models and
research on student success and retention, before discussing the conceptual framework
by Subotzky and Prinsloo (2011) employed at Unisa for the profiling of students. As this
research specifically examines the use of a commercial product to profile students in a
higher education institution, we will also briefly refer to the perceived tensions
regarding higher education and its response to demands from and its relations to the
corporate world (Apple, 2009; Blackmore, 2001; Giroux, 2003; Haigh, 2008; Lynch,
2006).

Attempts to profile students according to potential and risk-of-failure should be seen
against the backdrop of concerns regarding the ‘revolving door’ and low throughput
rates in higher education and specifically in distance education. Student success and
failure have been explained, theorised, and researched by various authors (Bean, 1980;
Kember, 1989; Spady, 1970; Tinto, 1975, 1988; Subotzky & Prinsloo, 2011). Since the
early models explaining student success in face-to-face higher education (Spady, 1970;
Tinto, 1975, 1988), there have been numerous models and theoretical frameworks
addressing student failure and dropout (Baird, 2000; Bean, 1980, 1982; Cabrera, Nora,
& Castaneda, 1992; Johnson, 1996; Kember, 1998). Though there is appreciation for
those early works on student success, more recent research (e.g., Braxton, 2000)
guestions many of the assumptions and theoretical constructs of these early models and
theories on student success, retention, and failure (Kuh & Love, 2000; Tierney, 2000;
Prinsloo, 2009; and Subotzky & Prinsloo, 2011).

Subotzky and Prinsloo (2011) classify the different approaches to understanding student
success and retention according to the context in which these approaches and models
are developed, such as geopolitical (developing or developed),
theoretical/philosophical/ideological/disciplinary, the type of institution and delivery
(e.g., face-to-face, blended, or distance education), and the methodology used in the



approach (e.g., structural models, bivariate probability model, or logic regression
analysis).

Compared to research in face-to-face contexts, there is less published research
regarding student success and retention in distance education contexts. A range of
authors (Kember, 1989; Kember, Lee, & Li, 2001; Prinsloo, 2009; Subotzky & Prinsloo,
2011; Woodley, 2004) therefore point to some unique considerations with regard to
conceptualising student success in distance education contexts and question the direct
transferability of traditional models and theories to distance education contexts.

A further complicating factor impacting on the transferability of different models on
student success and retention, irrespective of context, is the increasing “unbundling” or
the “unmooring” of traditional higher education (Watters, 2012) and a blurring of the
boundaries between traditional notions and definitions of face-to-face education versus
distance education and e-learning (Hanna, 1998; Woo, Gospera, McNeilla, Preston,
Green, & Phillips, 2008). The fact that traditional face-to-face institutions and distance
education institutions are including various elements and ranges of e-learning further
complicates the formal, traditional distinctions between face-to-face and distance
education delivery models. New forms of educational delivery therefore disrupt
traditional models and theories of understanding student success and retention (Clow,
2013; Daniel, 2012).

Though Tinto’s interactionalist theory/model enjoys “near paradigmatic” stature
(Braxton, 2000, p. 2), it “is partially supported and lacks empirical internal consistency”
(Braxton, 2000, p. 3). Braxton and Lien (2000) therefore state that Tinto’s model needs
revision. Prinsloo (2009) also point to a number of other concerns regarding the
transferability of current models for understanding and predicting student success and
retention such as the fact that “tangible and intangible impacts of economic influences”
on student persistence in developing world contexts “remain under-researched” (p. 85).
“The impact of economic considerations as a psychological stressor may in a developing
world context play an even more important role than in other contexts” (Prinsloo, 2009,
p. 85). There is also evidence that suggests that “student throughput and retention
operate differently for students of different ages, and that different factors influence
early leavers and later leavers” (Prinsloo, 2009, p. 86).

Based on various criticisms against current models for understanding and predicting
student success and retention (e.g., Braxton, 2000), Subotzky and Prinsloo (2011)
follow Tinto (2006) in proposing a socio-critical model to make sense of student
retention as a complex and layered, dynamic web of events.This model developed by
Subotzky and Prinsloo (2011) provides the conceptual basis of efforts at Unisa to predict
student success and identify students at risk.



Subotzky and Prinsloo (2011, p. 184-188) propose some key constructs informing their
socio-critical model:

1. Situated agents: student and institution: Although student and institutional
attributes and behaviours are strongly shaped by the structural conditions of their
historical, geographical, socio-economic, and cultural backgrounds, they enjoy relative
freedom within these constraints to develop their attributes in pursuit of success.
Students’ identity and attributes include, inter alia, not only various forms of capital, but
also dispositions such as intellectual maturity, the ability to think critically, and various
other competencies and abilities (Prinsloo, 2009). The institution’s identity entails not
only the impact and shape of its location, but also different forms of capital and habitus.

2. The student walk encompasses the numerous ongoing interactions between
student and institution throughout the student’s journey. These interactions are
“mutually constitutive” and influenced by the situatedness of both agents. In this
context, institutional and administrative efficiencies play a crucial role. Engagement
during the student walk is mutually transformative, where reciprocal knowledge and
understanding is key to the “fit” between the individual student’s aspirations and
dispositions and the culture and academic offerings by the institution.

3. Capital: Both students and the institution acquire “various forms of capital
partly through the reproductive mechanisms embedded in their socio-economic and
cultural contexts and partly through their own individual or institutional/organizational
initiatives”.

4, Habitus: The mutual and dynamic engagement between students and the
institution is shaped by habitus as “the complex combination of perceptions,
experiences, values, practices, discourses, and assumptions that underlies the
construction of our worldviews”.

5. Domains and modalities of transformation which include inter and intra-
personal domains on the side of students, and academic, social, and operational
domains on the side of the institution. Both the student and institutional domains are
shaped by locus of control, attribution, and self-efficacy.

6. A broad definition of success which includes not only course success and
graduation, but also student and institutional satisfaction, “successful fit between
students’ graduate attributes and the requirements of the workplace, civil society, and
democratic, participative citizenship” and course success without graduation.

Subotzky and Prinsloo (2011, p. 179) state that factors impacting on student success and
retention should be understood as comprising three distinct, but overlapping levels:
“individual (academic and attitudinal attributes, and other personal characteristics and
circumstances), institutional (quality and relevance of academic, non-academic, and
administrative services), and supra-institutional (macro-political and socio-economic
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factors)”. Figure 1 illustrates these different levels. The “student walk” signifies different
interactions in the nexus between the individual student (at the top) and the institution
(at the bottom). The “student walk” is, however, not only shaped by the two main
protagonists, but also by supra-institutional (macro-political and socio-economic)
factors.

* Social structure, macro & meso shifts: globalisation, political ec y, policy; Nationalflocal culture & climate
* Personal /biographical micro shifts

W j ) i )

SHAPING CONDITIONS: (predictable as well as uncertain) J

TRANSFORMED STUDENT IDENTITY & ATTRIBUTES:
STUDENT

IDENTITY & ATTRIBUTES: Processes: Domains: Modalities:
« Situated agent: SES, demographics * Informed responsibility & ‘choice’ *Intra- = Attribution
* Capital: cultural, intellectual, emational, * Ontological/epistemological dev. personal * Locus of
attitudinal * Managing risks/opportunities/ * Inter- control
» Habitus: perceptio spositions, uncertainty: Integration, adaptation, personal = Self-
discourse, expectatio socialisation & negotiation efficacy

F
THE STUDENT WALK: ]
T

Multiple, mutually c utive
interactions betwee dent, institution \/
& networks
* Managing complexity/ uncertainty/ Em
i : ; ploy-
unpredictability/risks/opportunities Choice, Learning J Nt/ Success
Institutional requirements known & Admission activities citizenship
mastered by student
* Student known by institution through
tracking, profiling & prediction

INSTITUTIONAL TRANSFORMED INSTITUTIONAL IDENTITY & ATTRIBUTES:
IDENTITY & ATTRIBUTES:
* Situated organisation: history, location,
strategic identity, culture, demographics
: cultural, i

Processes: Domains: Modalities:
* Informed n nsibilit ice * Academic * Attribution
* Managing r ortu es: » Operational = Locus of
Transformation, change = Social control
management, . learning, * Self-
integration & adaptation efficacy

: 1ir
_ SHAPING CONDITIONS: (predictable as well as he uncertain)
» Sacial structure, macro & meso shifts: globalisation, internationalisation, political economy, technology, social demand
: ~+ HE/ODL trends, policy ) _
* Institutional biography & shifts; Strategy, business mode! & architecture, culture & climate, politics & power relations

Figure 1. A socio-critical model for understanding and predicting student success
(Subotzky and Prinsloo, 2011, p. 184).

Subotzky and Prinsloo (2011) state that “Many, if not most, international models
interpret success narrowly as the outcome of students assimilating into prevailing
institutional cultures and epistemologies” (p. 190). The increasing diversity of students
and the socio-economic challenges inherent in developing countries implies that student
success is much more complex than simply about students fitting in, as mutual
responsibility is a precondition.
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Profiling students in higher education is not a recent phenomenon. Admission criteria
to higher education and to specific programmes were employed as one of the earliest
ways through which some students were deemed to be showing the most potential for
success, whilst other students, not meeting the criteria, were excluded. One of the
unique characteristics of distance education has always been the less stringent
admission requirements. One particular gestalt of distance education actually claims to
provide ‘open’ education, such as open distance learning (ODL), depending on
geopolitical contexts, legislation, and funding frameworks. Recent developments in
higher education such as the massive open online course (MOOC) phenomenon have
highlighted the role of open admission requirements on student success and retention
(Clow, 2013), as well as the potential to harvest and analyse students’ digital data in
order to offer customised curricula, assessment, and support. Students are therefore not
only profiled according to demographical and historical educational data, but
increasingly these profiles are enhanced by real-time data such as time-on-task, number
of logins, and so on (Booth, 2012; Long & Siemens, 2011; May, 2011; Oblinger, 2012;
Siemens, 2011; Wagner & Ice, 2012).

There are many examples of the role and impact of effective student profiling in
increasing not only the effectiveness of student success and retention, but also the more
optimal allocation of resources (Chansarkar & Michaeloudis, 2001; Diaz & Brown, 2012;
Kabakchieva, 2012; Wardley, Bélanger, & Leonard, 2013). Discourses regarding the
scope, methods, and impact of profiling in other fields such as surveillance studies has
shown that profiling opens up a number of ethical dilemmas (Knox, 2010; Mayer-
Schdnberger, 2009; Mayer-Schénberger & Cukier, 2013; Marx, 1998). There is very
little research done in the context of higher education on the possible negative impact of
profiling through institutional research or learning analytics. As Slade and Prinsloo
(2013) and Prinsloo and Slade (2013) indicate, the harvesting and use of students’
digital data raises a number of ethical questions and dilemmas for which most higher
education institutions are ill-prepared (also see Diaz & Brown, 2012; Knox, 2010; and
Pounder, 2008).

The provocations offered by Boyd and Crawford (2013) provide a sobering perspective
regarding the potential of learning analytics and our profiling to provide authentic,
dynamic, and holistic pictures of students. One of the dangers of profiling is that we
assume these profiles to be objective and accurate, whilst our algorithms are based on
social constructs embedded in current thinking, understanding, and values (Johnson,
2013). While our understanding of the complexities in student success and retention
increases as more and more data become available, Boyd and Crawford (2013, p. 6)
warn that “...bigger data are not always better data”.



At present many of the profiling of students is focused on identifying students who are
at risk and/or students who are in need of specific student support and interventions
(Diaz & Brown, 2012). While there are some examples focused on both students at risk
and identifying students with potential, most institutional profiling strategies are
currently aimed at students-at-risk (Braxton, 2000; Diaz & Brown, 2012).

Modern higher education has always been embedded in existing power-relations,
whether these entailed relationships are with organised religion, national governments,
industry, the market, and a range of other stakeholders. Authors such as Barnett
(2000), Blackmore (2001), Diefenbach (2007), Giroux (2003), Kezar (2004), Washburn
(2005), Willmot (2003) and others differ regarding how higher education should
respond to the increasing impact of neo-liberal capitalism, managerialism, and the
corporatisation of higher education. Amidst concerns regarding “academic capitalism”
(Diefenbach, 2007) and claims that higher education has become the “handmaiden” of
the corporate world (Giroux, 2003), there are also concerns regarding the increasing
outsourcing of essential services and functions (Gupta, Herath, & Mikouiza, 2005;
Watters, 2012; Wood, 2000) and the (over)-reliance of higher education institutions on
commercially licenced products and the way these, directly or indirectly, shape
curricula, pedagogies, and identity (Beckton, 2012; Cribb & Gewirtz, 2013). Metaphors
describing the ways in which higher education is changing refer to the “unbundling and
unmooring” of higher education (Watters, 2012) and the “hollowed-out university”
(Cribb & Gewirtz, 2013).

Though outsourcing is not a new trend in higher education, the scope and impact of
outsourcing are increasing (Gupta et al., 2005; Wood, 2000). Many higher education
institutions increasingly use a number of commercial products and licences (e.g.,
commercial learning management systems and software) or establish partnerships with
commercial interests in fulfilling their mandate. Gupta et al. (2005) describe a range of
reasons for this increased outsourcing and commercialisation of services including the
“slowing economy, declining students’ enrollments, state budget cuts, decreased
funding for research, and rapidly increasing costs of higher education” (p. 396).

Despite the established practice of using various products and services developed for
and by corporate entities, this case study reports on the use of a commercial tool
developed for the corporate environment to profile students. A number of concerns and
issues (such as student privacy, alignment, data ownership, etc.) were raised, to which
we will later return. Many of the issues and concerns can be traced back to complexities
and perceptions regarding not only the established relationship between higher
education and commercial entities, but also to the increasing dependence originating in
licencing regimes.



Research Methods

This research falls into the broader category of instrumental case studies (Rule & John,
2011; Thomas, 2011; Yin, 2009) where an issue or concern is studied through one
bounded case to illustrate a particular issue. In this case the researchers aimed at
gaining insight into the institutional processes, challenges, and opportunities for
adapting a commercial model of assessing students’ potential for success against
empirically established benchmarks. The data were analysed using pragmatic
eclecticism (Saldana, 2009), which means that the researchers kept themselves open
during the initial data collection and coding to determine the most appropriate methods
of coding. A number of first cycle coding methods (preliminary coding methods) were
combined with second cycle coding (categorical, conceptual, and/or theoretical
organisation). During the first cycle, coding and recoding, data were analysed according
to meaningful units of text, with codes generated through an inductive process and
allocated to each unit individually. Once the first cycle coding was completed, codes
were clustered in meaningful groups to generate themes. The paper employed data from

e an extensive literature review pertaining to student success and
retention;

e documentation received from Shadowmatch®:

e institutional documentation covering the rationale for using
Shadowmatch®, negotiations with different stakeholders, project plans,
and the implementation framework;

o field notes based on interactions with various stakeholders.

The methodological norms of this study were established through trustworthiness as
first suggested by Guba and Lincoln (1985, pp. 289-331). Trustworthiness was
established by ensuring transferability, credibility, dependability, and confirmability.
This approach relies on ‘thick’! descriptions to allow other researchers to transfer results
to their own context. Prolonged engagement, referential adequacy, and peer debriefing
were employed to establish the credibility of the research.

Shadowmatch® Pilot

The Shadowmatch® pilot is discussed in this section. The pilot process provided an
appropriate platform to examine the academic-corporate collaboration. The data from
this implementation is not the focus of this article. Instead, the article draws attention
to the process of selecting and acquiring Shadowmatch® for the pilot. This pre-
implementation phase produced most of the data relating to the tensions of academic-
business collaboration. The second section deals with the pilot implementation.

1The term thick description originates from the work of anthropologist Clifford Geertz (1975) and
means that the description of behaviour should include the context, to make the behaviour meaningful to an
outsider.
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Pre-Implementation Phase

Unisa assesses student risk and success through the student success framework, which
was conceptualised and developed by Subotzky and Prinsloo (2011) and is underpinned
by a socio-critical model for understanding and predicting student success. The detailed
model was discussed earlier. The student success framework relies on a suite of
instruments, as well as systems data to inform policy and practice. Figure 2 illustrates
the various elements which need to be measured as part of the framework.
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Figure 2. Elements to be measured as part of the student success framework.

Figure 3 illustrates the various tools and instruments which were being used to assess
specific elements of the framework, prior to the pilot of Shadowmatch®. It became
evident that very little information was, however, available on habits and behaviours
which form part of non-academic risk and success factors. In 2011, Unisa expressed a
need to find a well-developed and tested instrument for assessing students’ habits and
behaviours.
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Figure 3. Instruments and data sources currently employed to measure the elements of
the student success framework.

For this reason, in March 2011 it was proposed at the Senate Teaching and Learning
Committee (STLC) that expressions of interest be invited from providers. The proposal
for the expressions was approved by STLC on 28 March 2011. The Department of
Institutional Statistics and Analysis (DISA) was tasked with the project and, through
rigorous scanning of the local and international higher education environment,
identified Shadowmatch® as a possible solution. The provider needed to be able to
provide an online solution for the ODL environment, preferably with an automated
individualised reporting and feedback system to support students in improving their
habits and behaviours for success. The scanning indicated that only a single local
provider, namely De Villiers, Bester and Associates (DBA), offered this through the
Shadowmatch® tool. On 26 September 2011, the Shadowmatch proposal was presented
to STLC. The proposal was approved in principle and referred to the Student Success
Forum (SSF) for further recommendations regarding implementation and rollout of the
tool. The SSF met thereafter on 24 October 2011 to consider the STLC resolutions and
agreed to a pilot phase to include some qualifications in order to test the
appropriateness for the Unisa environment.

Facilitated by DISA, a formal presentation of the tool was made by DBA to SSF,
resulting in a productive session during which constructive insights and suggestions
were shared in advance of the implementation of the project. The purpose of the pilot
was to investigate the suitability of Shadowmatch® in measuring non-academic risk in
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the Unisa context. The pilot phase of the project commenced firstly with the
subscription to the Shadowmatch® tool followed by the formal contractual agreement
between the DBA as the provider and Unisa. The latter was facilitated by DISA in
collaboration with Procurement and Legal Services. Furthermore, given that the
procurement of software solutions was in the ICT domain, the executive director of ICT
was consulted during this phase and provided oversight during the finalisation of the
contract for the subscription to the tool. Throughout the pilot subscription and
implementation process there were regular reports made to SSF as well as additional
engagement about the process.

Implementation

The Shadowmatch® instrument assesses a range of habits and behaviours. These
include a propensity to own, a propensity to hand off, the ability to simplify, resilience, a
propensity to change, frustration handling, team inclination, individual inclination, self-
motivation, routine, problem solving, responsiveness, innovation, people positive,
discipline, conflict handling, altruistic, self-confidence, and leadership. Over and above
this, the instrument also assesses attitudes and locates them within four quadrants.
Quadrant 1 represents those who are “Involved-Unaggressive”; Quadrant 2 represents
those who are “Involved-Assertive/Aggressive”; Quadrant 3 represents those who are
“Uninvolved-Assertive/Aggressive”; and Quadrant 4 represents those who are
“Uninvolved-Unaggressive”. The benchmark of the habits and behaviours of top
performing students are shown in grey with the individual score of the student indicated
in blue (see Figure 4).
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Figure 4. Demonstration: Individual match report.

Three phases characterised the Shadowmatch® pilot at Unisa. Phase 1 involved the
assessment of successful students’ habits and behaviours in order to establish
benchmarks for comparison with the broader student population. Colleges at the
institution were requested to provide the qualifications for inclusion in the
benchmarking process, and 170 benchmarks were established across the colleges. The
intention was to obtain a representative sample of both students and qualifications. The
sampling frame of the study constituted students who had graduated in these
gualifications — with graduation being regarded as the indicator of a successful student.
The top 25 graduates from the previous year (2011) in the selected qualifications were
identified for participation in the assessment of habits and behaviours by means of a
guestionnaire. To ensure fairness and consistency, the top performers were identified
using the following three criteria: a) graduated from the qualification in 2011, b) highest
average across all modules within the course, and ¢) completed the qualification within
twice the minimum time for completion of the qualification. In order to boost the
sample for the benchmarks, registered students who had performed well in recent
examinations were also targeted for inclusion in the assessment. Benchmarks for habits
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and behaviours per qualification were formed based on the assessments of the top
performers in those qualifications. Benchmarks were established for 170 qualifications.
The response rates to the assessment of students within these qualifications made this
possible. Those qualifications which yielded poor or absent response rates from
students were excluded.

Following the fieldwork to establish habit and behaviour benchmarks for top
performing Unisa students, the same exercise was circulated to current Unisa students
in the selected qualifications for completion. This characterised Phase 2 of the pilot. The
aim here was to determine the fit or match between the students’ current habits and
behaviours (noting the qualification for which they were registered) and those of high
performing students in these qualifications — as determined through the benchmarking
process. The combined response rate to Phase 1 and 2 of the pilot was 9,500.

Results proved insightful in that the analysis profiled individual students in a range of
qualifications in terms of their “match” to the benchmark for those qualifications. Based
on the student’s match to the benchmark for their qualification, students were provided
with an automatically generated personal development plan for the habit or behavior
which required development or intervention.

The third and final phase of the pilot involved ascertaining how student participants
experienced the Shadowmatch® pilot, which included the Shadowmatch® instrument
as well as the individual reports and the personal development plans which were the key
outputs. This was determined through an evaluation instrument developed by the
researchers and administered as an online survey. A total of 723 students participated in
the evaluation. Results indicated that students’ own reports of their experiences were
generally positive, with relatively few students reporting that the experience was not
beneficial. These survey results cannot be generalised to the broader group of students
who participated in the pilot given the response rate. However, the results did provide
insights which the university was able to use to determine if the pilot phase could be
extended for an additional year.

Results and Discussion

The case study highlights the complexity of adapting and integrating an existing
commercial product into a higher education environment. After a thorough theoretical
exploration and validation of Shadowmatch® established its potential, a central concern
of both academics and students was the issue of using a tool developed in a corporate
environment in a higher education setting. Academics expressed the view that the
higher education context is so unique that a tool developed to function in the corporate
environment would be of little use. This manifested in concerns about how success is
defined in the academic context. Some academics’ perceptions were that the profile of
habits and behaviours would be similar across all qualifications, thus invalidating the



necessity of an instrument that allows for individual benchmarks of success for various
qualifications. Others perceived the definition of success to be so intrinsic to the
qualification that they felt no instrument would be able to capture appropriate
benchmarks. Academics also expressed the view that the business language intrinsic to
the tool was not suitable for an academic environment and would require customisation.
For students, the academic versus corporate pull manifested in a distrust of the origin
of the assessments. Notwithstanding multiple communications employing various
modes of communication (learning management system, sms, e-mail) some students
still questioned the authenticity and expressed fears that the assessment was a means of
phishing (fraudulently obtaining personal information).

The tensions of employing an instrument developed for the corporate environment were
also expressed in relation to ownership of the data and the instrument, as well as
validity and reliability issues. As the instrument was designed by an external company,
the academic community was concerned about the potential for publication by the
external company based on the data. The institution wished to have the opportunity to
publish from the data, and this required a contractual agreement with Shadowmatch®.
Furthermore, given that the instrument was the property of Shadowmatch,® validity and
reliability had therefore been established by an external auditing company. Many
academics expressed distrust in the validity and reliability as well as cultural
appropriateness of the instrument for Unisa students, despite the instrument being
designed for the South African context with a 10 year track record of success and
existing reports on the validity, reliability, and cross-cultural appropriateness.

The negotiation also included discussions around data security and data access. Data
security is a high priority for Unisa. Using an external provider to assess students’ non-
academic risk was perceived as a threat to data security. All aspects of data transfer,
student contact information as well as storage of data had to be thoroughly scrutinised
and formalised in the contract to allow for the pilot project to proceed. In this regard,
the departments of Information and Communication Technology and Legal Services at
the institution played an instrumental advisory role. The Shadowmatch® system can be
implemented as a web-application with external hosting or integrated into the systems
of an institution with local server hosting. The choice between local hosting and off-site
hosting brought to the fore the tension between the advantages of reduced cost, reduced
complexity, and the flexibility of off-site hosting on the one hand and the desire to
protect data and keep functions in-house on the other hand.

Reflection on Findings

Despite the central role of student agency in determining student success and retention
(Subotzky & Prinsloo, 2011), much of the resistance towards implementing an
instrument designed for the corporate sector in the higher education environment was



based on fear by academics that the two environments were distinctly different. The
view was that the requirements for the two environments were so unique that a tool
designed for the one environment could not yield positive results in the other. There are
perhaps two assumptions which underpin this view. Firstly, it illustrates how, even
though the tool focusses on investigating students’ similarities to established
benchmark requirements for success, academics still examined the tool in terms of the
assumption that the environment needs to be assessed and mapped to understand
student success. Secondly, this expression of disjuncture between the requirements for
success in the labour market as opposed to the academic environment suggests an
assumption that the requirements of success in the academic environment are distinct
from the requirements of success in the labour market. This raises the question of how a
higher education institution is to establish employability in graduates if this disjuncture
persists.

Despite the experienced tensions around the fit of the Shadowmatch® instrument in a
higher education setting, the institution did eventually support a pilot project to test the
value and appropriateness of this instrument. This was by and large influenced by the
placement of this initiative within the overarching student success framework of the
institution, referred to earlier. Students’ habits and behaviours resonated with the non-
academic risk factors catered for in the framework, and were regarded as one of many
variables which could potentially assist over time in not only identifying students at risk
but moving beyond this to identify the requirements for success in particular
qualifications. If researched, in this case by employing the Shadowmatch® instrument,
this could enable appropriate support interventions to be implemented to enhance
students’ chances of success.

As discussed earlier, students’ own reports of their experiences were generally positive.
This was examined through an evaluation instrument developed by the researchers to
determine how students experienced the Shadowmatch® instrument as well as the
individual reports and the personal development plans which were the key outputs.
These results, in combination with a comprehensive evaluation of the benefits and
challenges of the pilot project and various analyses, will determine future support for
the use of the Shadowmatch® instrument at the institution. Within the context of
researching student habits and behaviours as a key element in the student success
framework, it will highlight whether a continued partnership between a corporate outfit
and an open distance and e-learning higher education institution is indeed possible and
beneficial.

Conclusions

The piloting of the Shadowmatch® instrument at Unisa provided the opportunity to
implement a ready-made solution to assess student habits and behaviours as part of the
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student success framework. It provided a fresh approach in that it firstly examined
profiles of successful students along with identifying students at risk. Secondly, it
stepped away from trying to establish the requirements of success in a qualification, and
instead examined successful candidates to establish clusters of habits and behaviours
that contributed to success. An unexpected outcome of the process was that it
highlighted some of the underlying tensions and embedded assumptions at the
institution, ranging from perceptions surrounding academic demands versus
employability demands to the tension between maintaining control over data versus
the flexibility, reduced costs and little or no demand on the ICT system of employing
external providers.

The pilot project, undertaken by a support department within the institution, provided a
lens to examine how corporate-academic partnership could allow an institution to be
more dynamic and flexible in supporting its student population. It provides a glimpse
into the complexities higher education institutions may face in a dynamic higher
education landscape where technology is changing so rapidly that increased reliance on
external providers by support functions will be required in order for them to
appropriately deliver on their mandates of effectively supporting the core functions of
teaching and learning, research, and community engagement.
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